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The Clinical Practice Research Datalink (CPRD, www.cprd.com) can be considered one form of an EHR. One of the a repository of code lists found on Challensges of usine code lists
biggest clinical datasets in the country, it contains approximately 8% of the UK population’s primary care clinicalcodes.org, that is “an online . 5 . & , . : i
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- CPRD@Cambridge Code Lists N[ Example Projects

** We produced a list of 37 conditions, originally based on work by Barnett (Lancet 2012; 380:37-42). ** A number of projects have made use of the code lists, for example:
% Our diagnostic (medical) code lists were based on existing lists, expert opinion, and on additional terms " Investigating the association of morbidity and health service usage among patients with dementia in the
identified from the relevant Read code hierarchy. In some cases, administrative codes were included. UK.

» Evaluating the effect of financial incentives in improving the recognition and treatment of cardiovascular

*¢* Our prescription (product) code lists were also based on existing lists and expert opinion, but included text word ; ; : :
P P (p ) & P P ! risk factors in those with severe mental illness.

searches for relevant branded and generic products within the corresponding sections of the BNF.
+*»* Each condition is made up of at least one of the two types of code list; however, a subset of conditions use two DwAlEEdEd T R BRI EaRT an JUiS 27, 2017 PUblshad by arusp Ba

lists in conjunction. 5
** Cross-sectional prevalence checks were run based on the April 2016 CPRD dataset population.
BMJ) Open Association of comorbidity and health
Condition Prevalence Usage . . .

Alcohol problems 1.80% Read code ever recorded Sservice usage among patle ntS W]_th
Anorexia or bulimia 0.50% Read code ever recorded . " "
Anxiety & other neurotic, stress related & 17.00% Read code in last 12 months OR = 4 anxiolytic/hypnotic prescriptions in last 12 dementla 1n the UK: b | pOpulatlon-baSEd
somatoform disorders months
Asthma (currently treated) 3.70% Read code ever recorded AND any prescription in the last 12 months Study
Atrial fibrillation 2.20% Read code ever recorded
Blindness and low vision 1.00% Read code ever recorded
Bronchiectasis 0.40% Read code ever recorded Jorge Browr)e,.“z Dun%asn A Edwards,?3 }éierssty M Rhodes,*
Cancer - diagnosis in last five years 1.80% Read code first recorded in last 5 years D James Brimicombe,™” Rupert A Payne™
Chronic liver disease and viral hepatitis 0.40% Read code ever recorded
Chronic kidney disease 3.00% Best of last 2 GFRs less than 60 mL/min OR Read code ever recorded
Chronic Sinusitis 2.50% Read code ever recorded
COPD 2.20% Read code ever recorded )
Constipation (treated) 2.20% 4 or more laxative prescriptions in last year @. PLOS | ONE
Coronary heart disease 4.30% Read code ever recorded °
Dementia 0.70% Read code ever recorded
Depression 10.30% Read code recorded in last 12 months OR >=4 anti-depressant prescriptions

(excluding low dose tricyclics) in last 12 months RESEARCH ARTICLE

Diabetes 5.90% Read code ever recorded . . . . . cpe
Diverticular disease of intestine 2.80% Read code ever recorded FI nancia l IN Cent|VeS Im p rove recogn |t|0 n bUt
Epilepsy (currently treated) 0.80% Read coded ever recorded AND antiepileptic prescription in last 12 months n Ot treatment Of Ca rd|OvaSCU lar rISk fa Cto rsin
Hearing loss 9.50% Read code ever recoded severe mental |”neSS
Heart failure 1.00% Read code ever recorded
Hypertension 18.80% Read code ever recorded Carol L. Wilson', Kirsty M. Rhodes?, Rupert A. Payne'-3*
Inflammatory bowel disease 0.50% Read code ever recorded 1 Department of Public Health and Primary Care, University of Cambridge, Cambridge, United Kingdom,
~ . . ) . 2 MRC Biostatistics Unit, Cambridge, United Kingdom, 3 Centre for Academic Primary Care, School of
Irritable bowel syndrome 7.90% Read c.od.e ever recorded OR =4 prescription only medicine antispasmodic \ Social and Community Medicine, University of Bristol, Bristol, United Kingdom /
prescription

Learning disability 0.40% Read code ever recorded
Migraine 0.40% 4 or more prescription only medicine anti-migraine prescriptions in last year / T h V I f O C d L' \
Multiple sclerosis 0.30% Read code ever recorded e a u e O u r O e I StS
Painful condition 10.10% >=4 POM analgestics in last 12 months OR >=4 specified anti-epileptics in the

R absence of an epilepsy Read code in last 12 months ** This is the first time a set of code lists have been systematically and methodically been produced and
Parkinson's disease 0.30% Read code ever recorded pu b“Shed; |endmg itself to:
Prostate disorders 5.70% Read code ever recorded
Peripheral vascular disease 0.9% Read code ever recorded
Psoriasis or eczema 1.00% R.ead code e\{er recorded AND =4 related prescriptions in last 12 month (excluding

simple emollients)

Psychoactive substance misuse 1.20% Read code ever recorded v’ Transparency: our code lists, along with their methodological development, have been published on an
Rheumatoid arthritis, other inflammatory, online repository which anybody can access. They can be easily downloaded and used.
polyarthopathies & systemic connective tissue 2.20% Read code ever recorded v Reproducibility: they can be used as is or adapted where appropriate. Additionally, future research can
disorders be verified based on established code lists.
A TR (e [ B - Glfe 1.00% Read code ever recorded/recorded in last 12 months (code dependent) OR Lithium v’ Efficiency: they minimise the amount of work needed to create a future code list from scratch and can
psychosis) or bipolar disorder be built u pon.
Stroke & transient ischaemic attack 2.20% Read code ever recorded

\ Thyroid disorders 4.70% Read code ever recorded / & /
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