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NLP for Biomedicine NLP enables deep linguistic analysis
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NLP Text Mining in Biomedicine Normalisation of data
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I2E Transforms Text into Actionable Insights TNM Staging from Pathology Reports

Turn text _into structured data _to drive Cancer information is one of the most common areas for NLP to be
using sophisticated queries analytics applied to in healthcare, providing key insights into disease progression
and long term outcomes. Valuable research insights hidden in pathology
documents can be extracted, such as tumour size, type and stage; and
lab results showing bone marrow and blood measurements, providing
much richer data for diagnostics and risk prediction.
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Genotype-Phenotype in Rare disease NLP for Pneumonia prediction

¢ Shire Pharmaceutical’s innovative implant device can
deliver enzyme replacement therapy to the CNS of
Hunter Syndrome patients. The procedure is invasive
and unpleasant, so ideally would be provided to those
infants likely to have more severe phenotypes.

¢ Shire used I2E to identify all the iduronate-2-sulfatase
(IDS) gene mutations recorded in Hunter patients (and
patients with Hunter-like symptoms) and link them to
phenotypes, enabling a clear picture of which genotypes
were associated with the more severe cognitive

Kaiser Permanente used I2E to develop a system that categorizes potential
pneumonia patients based on interpretation of their chest X-rays in
radiology reports.

Many subtleties of language are used by radiologists when writing their
notes and the diagnosis is generally inferred from a set of individual
observations. In the past, this inference was performed manually, making it
difficult to use radiology reports at any scale in retrospective analyses.

Now, however, physician-developed criteria are used by I2E to categorize the
reports automatically into the following categories:
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Linguamatics is the world leader in deploying innovative, health-science-focused NLP solutions for high-value knowledge discovery, information extraction and decision support. Linguamatics I2E is used by leading healthcare organisations (providers, medical
centres, payors), the US FDA, and 18 of the top 20 global pharmaceutical companies. They use I2E to take unstructured and semi-structured ‘Big Data’” and deliver improved patient care and insights.

For more information, visit www.linguamatics.com or contact info@linguamatics.com




